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Table 1. MobileNet Body Architecture

Type / Stride Filter Shape Input Size
Conv /s2 I x3x3x32 224 x 224 x 3
Conv dw /sl 3 x 3 x32dw 112 x 112 x 32
Conv /sl 1x1x32x64 112 x 112 x 32
Conv dw /52 3 x 3 x 64dw 112 x 112 x 64
Conv /sl 1x1x64x128 56 x 56 x 64
Conv dw /sl 3 x 3 x128dw 56 x 56 x 128
Conv /sl 1x1x128 x 128 56 x 56 x 128
Conv dw /52 3 x 3 x 128 dw 56 x 56 x 128
Conv /sl 1 x1x128 x 256 28 x 28 x 128
Conv dw /sl 3 x 3 x 256 dw 28 x 28 x 256
Conv /sl 1 x 1 x 256 x 256 28 x 28 x 256
Conv dw /52 3 x 3 x 256 dw 28 x 28 x 256
Conv /sl 1x1x256x 512 14 x 14 x 256

XCoanw/sl 3 x 3 x512dw 14 x 14 x 512

Conv /sl 1x1x512x 512 14 x 14 x 512

Conv dw /52 3 x 3 x512dw 14 x 14 x 512
Conv /sl 1x1x512x1024 | 7x7x512
Conv dw / s2 3 x 3 x 1024 dw TxT7x1024
Conv /sl 1x1x1024 %1024 | 7x 7 x 1024
Avg Pool /sl Pool 7T x 7 TxTx1024
FC/sl 1024 x 1000 1x1x1024
Softmax / sl Classifier 1 x 1 x 1000
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(a) Standard Convolution Filters

(b) Depthwise Convolutional Filters
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